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IR S

BIERIEIRES, BafcEHIEAEENEFRS:

# QRN EHR R LI

data = {
'Age': np.random.normal(30, 12, n_samples),
'Sex': np.random.choice([ ‘'male', 'female'], n_samples),
'Pclass': np.random.choice([1, 2, 3], n_samples),
'Fare': np.random.exponential(30, n_samples),

}
# RIBFLERE TR

for i in range(n_samples):

prob = 0.3 # EEFHX

if data['Sex'][i] == 'female': prob += 0.4 # LTHAELGEXRES
if data['Pclass'][i] == 1: pr-ob += 0.3 # %%ﬁﬁiﬁ%%%
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SER2: FREREED

PIARFHALSEFERAORER, RIETEFHINE:

# PMAEFHESEFERNXR
sex_survival = df.groupby('Sex"')['Survived'].mean()
class_survival = df.groupby('Pclass')['Survived'].mean()

#H AL AE D T AR <

plt.figure(figsize=(15, 12))
#H EHFERSM. FHER . HXMERNESE
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T3 FuRTA IR

SIRRRL(E. mASDREZE. SEFRHAL:

## WIEFRKR(E
df['Age'].fillna(df['Age'].median(), inplace=True)

#t RIS RTE
le = LabelEncoder()
df['Sex'] = le.fit_transform(df['Sex'])

## FFET A2

df[ 'FamilySize'] = df['SibSp'] + df['Parch'] + 1
df['IsAlone'] = (df['FamilySize'] == 1).astype(int)
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R4 ERYIGS5v

EEEEF

B MMREGHI T

#H ERY AR
X _train, X test, y train, y test = train_test split(X, y, test size=0.2, random state=42)

## &S RE

models = {
"REM . DecisionTreeClassifier(max_depth=5, random_state=42),
"B : RandomForestClassifier(n_estimators=100, random_ state=42),
"YBiEM 3" : LogisticRegression(random state=42)

}

## AR ERE
for name, model in models.items():
model.fit(X_train, y_train)
y_pred = model.predict(X test)
accuracy = accuracy_score(y test, y pred)
print ("{} HEfaZE: {:.3f}".format(name, accuracy))
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o« EAIAMEELEUERNY B E

« FITHEEIFEEHIEREEIR
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IR S

BIEEIBIN SRS, IRIBFSIEERSIERIFEN

## BIEIRIUS M ERES

data = {
'Size': np.random.normal(150, 50, n_samples), t EEEHR
'Bedrooms’: np.random.poisson(3, n_samples), # BNEHE
"Location': np.random.choice([1, 2, 3, 4, 5], n_samples), # MHIEGEZ
"Age': np.random.exponential (10, n_samples), # BiR

}

## IR IE AR I
for i in range(n_samples):
price = base price + data['Size'][i] * 2000 # HEFR=M
price *= location multiplier[data['lLocation'][i]] # HbEZE MW
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T2 {HITETEE

BIEFRRVGTEERHIE, R HRELFTNEES]:

## QEFTHL

df[ 'PricePerSgm'] = df[ 'Price'] / df['Size'] # H&FRKMNIE
df['TotalRooms'] = df[ 'Bedrooms'] + df[‘'Bathrooms'] # R EEZ
df[ 'RoomRatio’'] = df[ '‘Bathrooms'] / df['Bedrooms'] # JA=RM=LE
## 9 F LR
df =

#
f d.get dummies(df, columns=['SizeCategory', 'AgeCategory'])
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IR ERIGSv

1l

2550 Bl IRBLHECRIERE !

## IS EEEE
regression_models = {
‘ZMEMEY3 ' : LinearRegression(),

“REMIEYT . DecisionTreeRegressor(max_depth=10, random_state=42),

'FEMIZFREYT ' : RandomForestRegressor(n_estimators=100, random state=42)

¥
## PRAAE Y3 TERE

for name, model in regression_models.items():
model.fit(X train, y train)

y_pred = model.predict(X_test)

r2 = r2_score(y test, y pred)

rmse = np.sgrt(mean_squared _error(y_test, y pred))

mae = mean_absolute error(y_test, y pred)

print("{} - R?: {:.3f}, RMSE: {:.0f}, MAE: {:.0f}".format(name, r2, rmse, mae))
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11.4.3 Ask Al: KaggleS=SZEAI]

Kaggle BERGERIISIERFREYTE:
o AR SCAYRT )RR
« ZIRAELHK

« ERF P IRERT AL
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%3 11.4.1: IRIEBRE

1. B EN PN ARRNHE TS A
2. LUBURTRIN, FEATERAR, ZAE[E]3RIMERE
3. PITRERIUIRFERA =
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%31 11.4.2: {HEFRIREE

1. FERmEETUEIES, B34 M8, (EENE. =0, | S&’A. EFESF
2. ZHARNEIAEE (ZiEEIE, REWENS. FETFERMEIS)

3. (EAA S IGIEHEERSENE, DT IET tHER &K
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%3] 11.4.3: Kaggle3i
1.3 Kaggle IKS, NinZF=HEBRREZE
2. FEHEURE, TREARRIEIEST

3. IRB—IRFNEER, 1MIREEME
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« EIVAESS: FBiNFmnl, FhESEUE

- BERE: SURES-RED T TGIE &R 1E8ErHA
- KagglesEq: RHELINAESLHEAS
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